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« Life insurance underwriting is a complex, multi-step process involving manual data collection, validation, and decision-making.

» Underwriters spend significant time on repetitive tasks such as document review, rating, and requirement tracking.

Delays in decision-making impact customer experience and policy issuance timelines.

» Our innovative solution “Cognizant Underwriter Assist”, powered by Generative Al and Agent-based automation, streamlines the underwriting process by
augmenting underwriters with intelligent agents.

Key capabilities include:

Intelligent data assimilation from multiple sources

Automated Document Extraction, Validation and Summarisation (MIB, DMV, Rx, Credit)

Rules-based rating and requirement identification

Contextual recommendations and final decision

. Automated case closure and communication
assistance

Risk analysis and decision support

» Al Agents Framework integrated with Underwriting Platform
* Gen-Al LLM Model:

o Retrieval Augmented Generation (RAG) with Knowledge Graph o Azure OpenAl Service for GPT-4 omni for contextual reasoning

o Azure Al Search for semantic retrieval o Secure integration with external data sources (MIB, DMV, Rx)

» ~30% reduction in underwriting cycle time

* ~25% improvement in underwriter productivity

X-Factor « ~20% faster policy issuance
Business . . o
( . * Enhanced customer experience through quicker decisions
\ Benefits) )
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Context

In the life insurance underwriting space, Underwriting is a complex, multi-step process
involving manual data validation, rating, and decision-making.

830/0 of accelerated underwriting (AU) eligible cases still involve human review.

3bn documents processed annually by Insurance companies, with 85% containing
unstructured data which are mostly handled manually

8-1 2% error rates in the underwriting process when performed manually, compared
to 3-5% for automated systems

90%) reduction in processing times expected through Al-driven underwriting systems,
cutting decisions from weeks to hours
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Current As-Is Process

The current life insurance underwriting process is a rule-driven but heavily manual workflow involving multiple hand-offs, data validations, and external checks, resulting

in long cycle times and operational inefficiencies.
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platform and a case g
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the new case(T)
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v
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underwriter as needed
(T+11) Case declined
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v
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@ Case Manager
ensures that the case
data is correctby =~ » as MIB, RX, Credit,
comparing it to case
documents(T+1)

data and makes
an underwriting
decision (T+17)

v

UW platform receives
additional data such

DMV etc. and the
case is updated(T+2)

@ Case manager based on
skills, complexity of case
and bandwidth assigns the
case to an underwriter for
full/accelerated underwriting
(T+5)

Case approved
by underwriter
Approved cas

sent by UW platform into
B nolicy admin system for <
policy issuance(T+5

Automatic) or

Approved policy binder
(contract pages) is sent to
- agent and insured/owner of <«
the policy(T+7 Automatic)
: or (T+ 22 Manual)
v

Underwriter or Med

UW platform rules
run to assign a rating

"""" P class for the insured
based on all the data '
gathered (T+3)

v

UW platform rules
check if policy
requires full or

accelerated manual
UW (T+4)

Case sent for
Manual by
UW platform

Automatic
approval
for
Preferred /
Standard
rated
cases by
uw
platform

e details are

(T+19Manual)

v
Approved policy is issued,
and policy binder (contract
.............. pages) are generated(T+6
Automatic) or (T+ 21
Manual)

m @ Human Intervention by Case Manager,

ical Director

Limitations of As-is Process

High Manual Intervention

Fragmented Data Handling

Limited Decision Support

Escalation Bottlenecks

Customer Experience Impact
_/
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Example: Quantifying potential benefits of Agentic Al in UW

Potential causes for Potential effort
Process/Tasks reduction in reduction per
overall | efficiency event

Value
Stream

Implied functions and capabilities of the worker(s) required to

achieve this reduction

. Manual data ent « Ability to train and fine-tune Al models with underwriting rules
Associate/Junior Application intake, data validation, + High volume of rrgutine —_— 60-70% « Define and maintain rule sets for NIGO and data validation logic
Underwriter NIGO checks, initial document review. 9 ° « Ensure compliance with regulatory and data privacy standards

> IRUIHER CIEhs CURTD FETREE Tgs « Interpret Al-generated insights and apply domain judgment

« Ability to define and refine underwriting rules for Al models

Underwriting Risk assessment (medical, financial, . . . o « Interpret Al-generated risk assessments and apply domain expertise
. . . ’ L ) « Time consuming APS/lab review. 40-50% . s ) )
(Life & Senior Underwriter lifestyle), assign risk class and rating, h P « Collaborate with data scientists to improve model accuracy and fairness
o L2 « Bottlenecks in case prioritization. . . ) ) A
Annuities) decisioning. * Monitor Al performance and intervene in exception scenarios

« Ensure regulatory compliance and ethical decisioning

. . . . < Ability to define and maintain medical underwriting rules for Al agents
. Review APS & labs, identify « Large volume of medical records. . . L
Medical ) : " . - o « Interpret Al-generated medical summaries and apply clinical judgment
. impairments, recommend additional « Manual abnormality detection. 50-60% i e .
Underwriter ’ . . L « Collaborate with data scientists to improve model accuracy and relevance
medical requirements. « Delays in physician responses.

« Ensure compliance with HIPAA and internal medical review protocols

Focus for current use cases
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Agentifying the Underwriting Process

Empower underwriters with Al-driven agents to streamline the life insurance underwriting process.

>

START

v

Q. Orchestrator
Agent

Runs the other agents in proper
sequence

] @ Intake Agent

* Intake case details filled by
insurer

» Extract SSN from social

d
<«

ﬂ@ Selection Agent 4

» Assign UW based on skill and
availability

Called only when
Recommendation Agent classifies
case as Accelerated or High Risk.

Evaluation
Agent

Evaluates the recommendation
created by the recommendation
agent
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security card image uploaded
by insurer

» Match SSN in social security
card to that provided by insurer

* Match name, address, DOB
pulled using SSN to that
provided by insurer

Communication
Agent

Final policy draft generation

o337 Enrichment

Agent

Extract medical history from
MIB report and store

Extract prescription history
from RX report and store

Extract credit history from
credit report and store

[%[? Recommendation

Agent

Rule based scoring of case
and case classification

LLM based recommendation
generation

Key Capabilities

Automated Document Handling

Rules based Decisioning

Intelligent Data Assimilation

Risk Scoring & Recommendations

Seamless Human-Al Collaboration
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Solution Workflow

Risk Evaluation &

— _ Data Enrichment
E Client Q5] Intake (Medical, Rx and Recommendations
Information = Process == (Credit Hi’story) g
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Medium/High Risk JE

© 1 Automatic
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ﬁ Underwriter
—| Selection

- Email Communication
A4

©or— Manual Review
by Underwriter
v Email Communication

U Policy Draft
= ||V Creation

o _ User Decision
AL
based on UW

review

@ Case Closed
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Solution Architecture

WebSocket API )
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User Input Browser Request
Request :; -
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. Final Response in JSON Format Al Backend
v v Service
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What happened? Scenario..

e

Name: Aurora Life Insurance

Industry: Life Insurer

Profile: Mid-sized life insurer operating across North
America, specializing in individual and group life policies.
The company serves over 2 million policyholders and
processes thousands of new applications monthly, requiring
detailed risk assessment, medical reviews, and compliance
checks.

Underwriting is manual and time-consuming, with cycle
times ranging from 5-15 days.

60—70% of tasks involve repetitive activities like document
validation, requirement tracking, and data assimilation.

Fragmented data sources (MIB, Rx, DMV, Credit) require
manual interpretation, increasing error risk (8—12%).

Limited automation for decision support; underwriters rely
heavily on judgment for risk scoring.

Escalations to medical directors create bottlenecks,
delaying policy issuance and impacting customer
experience.
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What next?

» Relies on data-driven insights for decision-making and aims to minimize subjectivity

» Focused on reducing underwriting cycle time while ensuring compliance and accuracy
* Manages high-volume applications and seeks to streamline repetitive tasks

» Wants intelligent assistance to prioritize complex cases and accelerate policy issuance

“l need intelligent assistance to cut through repetitive tasks and focus on real risk decisions..”

+ Emma needs to process a high volume of life insurance applications while ensuring accuracy and compliance.
» She struggles with manual data assimilation from multiple sources (MIB, Rx, DMV, Credit), which slows down decision-making.
» Aurora Life operates across multiple states with varying regulations, adding complexity to underwriting rules.

+ Escalations to medical directors create bottlenecks, delaying policy issuance and impacting customer experience.

+ Emma wants intelligent assistance to automate repetitive tasks and provide contextual recommendations for faster, more accurate decisions.
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Emma Collins is a Senior Underwriter with over 12 years of experience in Life Insurance Underwriting and Risk Assessment
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Scenario 1: Risk Assessment & Decision Support

“‘Emma needs to quickly assess applicant risk profiles and make accurate underwriting decisions, but the current manual process slows her down and increases error
risk.”

Traditional Approach Al-powered Underwriter Assist

» Underwriters manually review application forms, medical records, and third- Automated document extraction and summarization reduces manual effort.

party data (MIB, Rx, DMV, Credit). » Al-driven risk scoring and contextual recommendations provide objective

* Risk scoring is subjective, relying heavily on underwriter judgment. decision support.

» Cycle times stretch to 5-15 days, impacting policy issuance and customer * Integrated dashboards show consolidated applicant data and risk indicators
experience. in real time.

» Escalations to medical directors create bottlenecks and delays. * Dynamic updates as new requirements or medical results arrive, enabling

faster decisions.

* Cycle time reduced by up to 70%, improving customer satisfaction and
operational efficiency.
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Scenario 2: Document Intake & Data Preparation

“‘Emma spends hours reviewing application forms, medical records, and supporting documents to validate data and summarize key details before underwriting can even
begin.”

Traditional Approach

Manual extraction of applicant details from PDFs, scanned forms, and .

emails.

Underwriters validate data against multiple sources, increasing error risk. .
Summarizing key information for decision-making is time-consuming. .
Delays in this initial stage extend the overall underwriting cycle. .
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Al-powered Underwriter Assist

Al agents automatically extract and validate data from all incoming
documents.

Summarized case files are generated instantly for underwriter review.
Discrepancy flags highlight mismatched or missing information.
Underwriters can focus on decision-making, not data prep.

Significant reduction in manual effort and faster case readiness.
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X Factor

-

X Factor
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~30°A) reduction in underwriting cycle time

~25°/o improvement in underwriter productivity

~20°/0 faster policy issuance
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Enhanced CX through quicker decisions
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Thank you
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